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e Cross-Sectoral Collaboration
e Case 1: Catalyst project
e Case 2: California Policy Lab

 Case 3: Essex Centre for Data Analytics
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Cross-sectoral partnership

The world’s most innovative economy

ambition %
Partnership between government, ,
industry, and academia: Industrial
. Strategy
e Attract and retain Al talent;

e Improve digital infrastructure;
e Conducive business climate;

* Prosperity of society through Al
benefits.

£1bn + £1.7bn from the Industrial
Strategy Challenge Fund
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Catalyst is funded by the Higher

Education Funding Council for England.

SMOHIR LDVCATION
FUNCING COUNCHL FOR ENCLAND
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A LOCAL PARTNERSHIP
IMPROVING

COMMUNITY SERVICES

University of Essex working in
partnership with:

o —_ ESSEX
— ESSEX e T Suffolk v POLICE
Essex County Councd County Coundil Protecting and serving Lssex

"Our ongoing partnership with the University of Essex puts us at
the forefront of local authorities seeking innovative solutions to

the challenges we face.”

Councillor David Finch
LEADER OF ESSEX COUNTY COUNCIL AND CHAIR OF ESSEX PARTNERS



Boosting the relationship

DATA
FOR
POLICY
2017

‘# @Challenge Lab

3 Annual International Conference
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Boosting the relationship

DATA
FOR
POLICY
2017

@ @Challenge Lab

3 Annual International Conference

)}1@ Challenge.gov

Government Challenges, Your Solutions
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Learning from stakeholders
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e
l Learning from stakeholders
=

Challenges to knowledge transfer:

e \Weak personal connections (10) (Van Wijk 2008)
e | ack of social cohesion (7) (Inkpen 2005; Easterby 2008)

e Multiple/conflicting priorities (8) (Cummings 2003)
e Risk aversion (4) (Gho 2002)
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e
l Learning from stakeholders
-

Challenges to cooperation:

e Communication (4) (O’Flynn 2018)

e | ack of shared collaborative reality (1) (Argote 2000;
O’Flynn 2018)

e |nstitutional forces (7) (McEvily 2003)
e | ack of flexible adjustments (3) (Chen 2004)
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e
l Learning from stakeholders
=

Leadership/management challenges:

e Role clarity (9) (Heen 2009)

e | ow middle management and bottom level buy-in (5)
(Easterby 2008)

e Misalignment between research and developing project
objectives (4) (Easterby 2008)

e | ack of facilitative leadership (9) (Ansell and Gash 2007)
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CALIFORNIA

POLICY
LAB



CALIFORNIA

s EXperience

* Main barriers for academics: lack of access to data,
communication challenges, questions not being aligned
(with government), and a publish or perish mentality;

* Main barriers for civil servants: data silos, lack of
capacity and time, changes in leadership and strategy,
political pressure, and rapid pace of decision making.

* CPL solution is to fuse unity is through diversity
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: CALIFORNIA

e Governance

.’

e Pairing government
agencies with appropriate -
experts.
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Key standards:

e Effective creation of data
sharing agreements;

 Ensuring data
confidentiality;




Essex Centre for Data
Analytics (ECDA)

Essex County Council

Protecting and serving Essex

14



ECDA

The Vision: To make Essex national leaders using the power of
data science and Al to tackle public policy challenges

The Aims:

 To make Essex a place that is an exemplar for the integration
of data across public bodies.

* To have the skill, capability and technology to undertake
predictive analytics based on ethical, high standards.

e To have a sustainable data infrastructure.

e To have the best data science / analytical capabilities in the
UK to benefit our people and communities.
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ECDA: Pipeline

Expert workshops & requirements Best practice reviews Analyst exchangi Social Data science course

‘ \.‘ SWOT Analysis P ‘o
Stakeholder interview" 4 . .A ccredited qualification scheme for public sector
P

’ Gaps & opportunities E ipeline projects
- ,
/ .
Asset & "as is" map . ‘Recommendations ‘ Go live ECDA

1. Partnership diagnostic & 2. Developing an Essex 3. Develop joint partnership o .
capability assessment Standard skills & capabilities opportunities for social

.\.

\
’ Communities of practice

4. Create dynamic learning

' ‘ Theory of Change
’ Self assessment . ‘
! } ‘ Essex Data Philanthropy
o

!
/ . Governance board '
/ . . Community toolbox events ’ _‘
O ® .
~ Scope, plan & resources con_ ." Hackathon's Review of success
"‘ Rol evaluation method

Ethical review board

Covenant
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ECDA: Self-assessment
7/ /1\

e Highly skilled workforce &

hly sk Ik e Sustainability & operational ability
availability oftraining » Citizen voice & fransparency

e Predictive analytics experience e Infrastructure
and application e Impact

Leadership Buyin
Credibility & reputation

©

e Strateqgic Alignment & place e Infrastructure & data sharing
shaping platform

e Data expeditions e (Governance
Connectivity e Ethical review & assurance

e Speciality dishes
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ECDA: Roadmap

Thought Spot text
searching—
Outstanding Suspects

Population
Health
Management

One Analytics -
Capita One

NEECCG H&SC

Pathways
Targeted Endings —

Childrens NLP

Triage at point of Open Data

assessment—Adults NLP

WECCG - Medi Analytics
Children in Care
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Forecasting Tool

ASC Forecasts

AWS POC-
Predicting

Transitions
School placed Planning

Forecasts

ECDA: Modern
Slavery

ED: Homelessness

ED: Mental Health & Youth Justice

ED: Gangs,
Violence and
Vulnerability

ED: Unnecessary
admissions to A&E

Data Science & £

Social Media
Analytics —PA
Consulting

-

/ ”  Supporting mental
health from the first

’ point of contact

through Al

18

Preventative public
services model

Al system for
data sharing

Challenge Lab -
"Effortless
accountability”

Identifying potential
contributors to
mental health crises

llytics ‘As Is’ Mag



ECDA: Opportunities

Evidence Based IPERFORMANCE REPORTING?| Demand

Decision Making:  j&€— DATA VISUALISATION  KEY DRIVER ANALYSIS Management:

Making Data DEEP DIVES EXPLORATORY DATA ANALYSIS Forecasting; Pathway
Accessible; Single _ ‘ , Modelling; Scenario

View of Customer | testing/Simulation
STRATEGIC NEED ASSESSMENTS EVALUATION

Place Shaping: Geo- Key Added-Value

Spatial Analysis; (€= [GEOQ-SPATIAL ANALYSIS & MAPPING?| Skills for

Mapping; Hot-spot

Analysis MACHINE LEARNING ARTIFICIAL INTELLIGENCE Development

PROJECT SCOPING  STATISTICAL SIGNIFICANCE TESTING

Effective Targeting PATHWAY MODELLING Improving

of Resources: Risk DATA MANAGEMENT DASHBOARD DESIGN Productivity and

Stratification; , Practice: Qualitative
icti [ Analysis; Sentiment

et NATURAL LANGUAGE PROCESSING*| —> | o= 8

Segmentation POPULATION HEALTH MANAGEMENT Language Processing
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ECDA: NLP in policy

e Children’s social care

e Given the text of the initial referral and assessment, and
structured data relating to the case, could we predict whether
the case would be re-referred and escalated if it were closed?

e ML and NLP

X3 CabinetOffice

D Al . EN R e e e T
Behavioural Insights Team
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Figure 5:

Referral R fChiId

information information

- Source of referral - Age

- Risk factors - Gender
identified by - School
Social Worker attendance

- Issue identified by - School
Social Worker exclusions

J L

Case notes j

}

v v

l

20
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Phrases and
word counts

word counts risky/protective

Extracted Frequency of
topics/themes phrases

l

Algorithm

l l




ECDA: Risk stratification

* Hackney & Thurrock councils and
tech company Xantura developed
a predictive system to identify
vulnerable families in need of
additional council support.

* Brent and IBM developed a risk
model to identify children at risk
of criminal exploitation.
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Thurrock

River Thames
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Child protection Councils use 377,000 people's data in efforts

to predict child abuse

Exclusive: Use of algorithms to identify families for attention raises
stereotyping and privacy fears

of quality jobs

Niamh McIntyre and David

Pegg
Sun 16 Sep 2018 16.00 BST

Search thousands
of meaningful jobs @

f v ® 1378

o This article is over 2 months
old

A At least five councils have developed or implemented a predictive analytics system
to safeguard children. Photograph: Alamy Stock Photo

Vast quantities of data on hundreds of thousands of people is being used to
construct computer models in an effort to predict child abuse and intervene
before it can happen, the Guardian has learned.

Amid mounting financial pressure, local councils are developing “predictive
analytics” systems to algorithmically identify families for attention from child
services, allowing them to focus resources more effectively.

But while the new algorithmic profiling could be one way of helping social

BLGDRC Conference 2018
Slava Jankin Mikhaylov

22

Support The Guardian

Search jobs Dating '@ Signin O, Search v UK edition ~

e,.
dian

Guar

Sport Culture Lifestyle More v

UK World Business Football UK politics Environment Education Society Science Tech Global development Cities Obituaries

Child protection

Niamh McIntyre and David
Pegg
Mon 17 Sep 2018 19.29 BST

f v & 87

o This article is over 2 months
old

Councils use 377,000
people's datain efforts
to predict child abuse

e Read more

Advertisement
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Data on thousands of children used to
predict risk of gang exploitation

Brent and Essex councils work with IBM on system to try to
identify problems before they arise

A The system is also being used to profile children living in Basildon to identify those
who might be unable to read or write. Photograph: David Jones/PA

Predictive software has been assessing data on the lives of thousands of
children, from their potential exploitation by gangs to their risk of not
being ready for primary school.

The technology company IBM has been working with Brent council to try
to predict which children were at risk of gang exploitation, while Essex
county council has profiled all of the children living in one of the wards of
Basildon to try to identify those that might be unable to read or write.

On Sunday, the Guardian revealed how local authorities have been using
machine learning and predictive technologies to intervene before
children were referred to social services.

However, the programmes being run by Brent and Essex illustrate how
advocates of predictive analytics believe the technology can be adapted

most viewed
—_—
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ECDA: Essex Standard

Openness, transparency,

and ethics underpin
ECDA work



Thank you!
s.mikhaylov@essex.ac.uk
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